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A B S T R A C T

The discusser thanks the authors for investigating the ability of modified random forest algorithm to predicting
total phosphorus levels as indicators for shallow lake management. The abilities of machine learning techniques
such as optimization algorithms today have been well documented in engineering sciences. In this discussion,
the discusser has tried to clarify the process of the paper of “Predicting total phosphorus levels as indicators for
shallow lake management”(doi: https://doi.org/10.1016/j.ecolind.2018.09.002). The discusser would like to
call attention to some important points, which may be taken into consideration by the authors and other po-
tential researchers.

1. Introduction

In the original paper (Vitense et al., 2019), random forest algorithm
has been used to methodology to build models for predicting these two
TP classes using both remotely sensed watershed scale predictors and
in-lake variables, and we performed recursive feature elimination to
find the most parsimonious model. And the author used a modified
random forest algorithm, RF++, to account for correlation among
within-lake observations, and perform recursive feature elimination
(RFE) to find the most parsimonious model in the context of correlated
predictors, if used incorrectly this method can cause other researchers
to Confused.

2. Results

The authors know that the accuracy and ability of random forest
algorithm directly depend on this algorithm parameter. In random
forest, hyper-parameters are used for increasing the speed of the model.
Following are the scikit-learn’s hyper-parameters. (1) n_jobs parameter:
It provides the engine with details about the limit of processor for
computational usage. If it has a “1” value, then this indicates that only a
single processor can be run. On the contrary a “−1” value indicates that
there is no restriction. (2) N_estimators parameter: t is the overall
number of trees to be generated in the time period before the de-
termination of max voting and averages for predictions. A larger
number of figures increases reliability but it also affects the perfor-
mance speed. (3) random_state parameter: It is used to convert the
model’s output to create a replicable result. If similar piece of training
data, a definite value for random_state, and hyper-parameters are in-
serted in the model, then the output would also be identical. (4)
min_sample_leaf parameter: It examines the lowest limit of a leaf for the
split of internet nodes. (5) Max_features parameter: It takes the figure of
maximum digit of features that are required to be used in each tree.

However, they did not provide how a random forest algorithm

handled, and how find the optimal values of the control parameters
mentioned in the study, this needs explanation. All the model para-
meters should be provided in the study by the authors. In this way,
other researchers may also repeat the applications.

3. Conclusion

In the hydrological modeling the parameters of the models are very
important (Moazenzadeh and Mohammadi, 2019; Jahani and
Mohammadi, 2018; Aghelpour et al., 2019; Mohammadi, 2019a,b,c), so
that the wrong choice of preprocessing can affect the modeling result. A
study is valuable when it can be useful to other researchers, so the
discusser invites the authors of the original paper to clarify their article
and modify the items described, to make the original paper a useful
reference for all researchers and by providing the random forest algo-
rithm information, the original article would be clarified and the am-
biguities mentioned clarified.
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